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Abstract  

Artificial intelligence is moving from isolated automation tools to a core capability that shapes decision-making, 

innovation, operations, and organizational design. Yet many enterprises still struggle to connect AI initiatives with 

business strategy, governance, process redesign, and measurable value creation. This paper develops a conceptual 

Enterprise Business Management Analysis Framework for the development of artificial intelligence. Drawing on 

recent literature on enterprise AI, business architecture, technology adoption, governance, explainable AI, dynamic 

capabilities, and human-AI collaboration, the paper argues that AI should be analyzed not only as a technical system 

but as an enterprise-wide management capability. The proposed framework contains six integrated dimensions: 

strategic intent and value logic, data and knowledge infrastructure, process and decision redesign, organization and 

people readiness, governance and responsible AI controls, and performance learning and renewal. The framework is 

intended to help enterprises evaluate AI opportunities, prioritize investments, reduce implementation risk, and 

improve business outcomes. The paper contributes by synthesizing fragmented literature into a practical analytical 

structure that managers and researchers can use to assess enterprise AI development in a more systematic way.  

Keywords: artificial intelligence; enterprise management; business analysis; business architecture; AI governance; 

decision-making; digital transformation 

1. Introduction 

Artificial intelligence has become a major driver of enterprise transformation because it can expand analytical 

capacity, automate routine work, improve forecasting, and support innovation. Recent business research shows that 

AI is no longer discussed only as a technical artifact. It is increasingly treated as a business phenomenon involving 

human-AI interaction, algorithmic bias, strategic decision processes, and organizational redesign [1], [4], [5], [10]. 

At the same time, firms investing in AI tend to show stronger growth and product innovation, which suggests that the 

competitive implications of AI are substantial when adoption is aligned with business goals [11], [12]. 

Despite this momentum, enterprises often face a recurring problem: AI projects are launched as pilots, dashboards, or 

automation experiments, but they are not embedded into a coherent management architecture. Prior literature points 

to fragmented processes, legacy systems, weak organizational readiness, unclear accountability, and underdeveloped 

governance as persistent obstacles to enterprise-scale AI adoption [3], [4], [5], [13]. This indicates the need for an 
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analysis framework that links business strategy, enterprise structure, data capability, human roles, and governance 

mechanisms rather than treating AI as an isolated IT initiative. 

This paper addresses that need by constructing an Enterprise Business Management Analysis Framework for the 

development of AI. The paper is conceptual in nature. Its objective is not to test a single hypothesis, but to synthesize 

recent evidence into a structured model that can guide enterprise analysis and implementation. The central argument 

is that effective AI development depends on the interaction of six managerial dimensions that must be designed and 

evaluated together. 

2. Literature Review 

A first stream of research focuses on enterprise alignment. Kerzel’s Enterprise AI Canvas emphasizes that AI adoption 

requires discussion between business experts and technical teams about value creation, organizational implications, 

data quality, constraints, and model evaluation [1]. Similarly, Fitriani, Khodra, and Surendro propose an AI adoption 

framework in business architecture that connects capabilities, organization, information, and value streams with AI 

technologies and use cases [13]. Together, these studies show that AI development must be mapped to enterprise 

design, not just algorithm selection. 

A second stream examines adoption conditions. Kar and Kushwaha identify facilitators and barriers of AI adoption 

in business, while Tursunbayeva and Chalutz-Ben Gal develop a technology-organization-people checklist for digital 

leaders [3], [4]. Yang, Blount, and Amrollahi add that firm size, AI readiness, innovation management, competitive 

pressure, and regulatory context shape how organizations adopt AI in practice [5]. These studies suggest that 

enterprise AI readiness is multidimensional and includes technological, structural, cultural, and environmental factors. 

A third stream emphasizes governance and responsibility. Camilleri argues that AI governance includes 

accountability, transparency, explainability, fairness, privacy, safety, and risk prevention [6]. Pisoni and Moloney 

extend this logic into business process management, showing that enterprises need control points, auditability, 

stakeholder-appropriate explanations, and compliance-oriented design when AI affects sensitive operational decisions 

[7]. Chang and Bau further show that explainable AI has become important in business management because 

managerial reliance on AI depends on transparency and interpretability [8]. This literature makes clear that business 

analysis of AI must include governance mechanisms from the outset. 

A fourth stream addresses performance and innovation. Wamba et al. show that analytics capabilities affect firm 

performance through dynamic capabilities [2]. Gama and Magistretti review how AI influences innovation 

capabilities and develop a taxonomy of AI applications [11]. Babina et al. find that AI-investing firms experience 

higher sales growth, employment growth, and market valuation, with product innovation as a central channel [12]. 

These findings suggest that AI’s business value is indirect as well as direct: it improves enterprise performance by 

strengthening sensing, learning, reconfiguration, and innovation capabilities. 

Finally, the human dimension remains central. Islami and Mulolli argue that management functions increasingly 

reflect a symbiotic relationship between human intelligence and AI rather than a simple substitution effect [9]. Cao, 

Li, and Pavlou similarly position AI in business research around human perception, human-AI interaction, and 

algorithmic bias [10]. For enterprise management, this means that the relevant analytical question is not whether AI 

replaces managers, but how human judgment, machine inference, and organizational controls should be combined. 

3. Conceptual Basis for Framework Construction 

This paper constructs the framework by integrating insights from the literature into a business analysis logic. The 

synthesis begins from two assumptions. First, AI development is an enterprise capability-building process rather than 

a standalone technology deployment. Second, enterprise analysis must examine both value creation and control 
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mechanisms, because AI affects performance and risk simultaneously. These assumptions are consistent with recent 

work on enterprise AI, business architecture, AI adoption, and governance [1], [4], [6], [13]. 

Based on this logic, the proposed framework is organized around six dimensions that reflect the recurring themes in 

the literature. These dimensions are designed to help analysts answer six enterprise questions: Why should AI be 

developed? What data and knowledge resources are required? Which processes and decisions should change? Who 

must adapt and how? What governance controls are necessary? How will value and learning be measured? This 

structure draws especially on business architecture thinking, adoption checklists, and governance-centered AI design 

[4], [7], [13]. 

 

Fig. 1. Enterprise business management structure 

4. Proposed Enterprise Business Management Analysis Framework 

4.1 Strategic Intent and Value Logic 

The first-dimension concerns strategic intent. Enterprises should begin AI development by identifying where AI 

creates business value: cost reduction, service improvement, decision quality, risk detection, innovation, customer 

responsiveness, or new business models. This stage requires mapping AI use cases to enterprise capabilities and value 

streams rather than adopting AI for symbolic or purely experimental reasons [1], [11], [13]. The analytical task here 

is to define the business problem, specify the decision domain, identify expected benefits, and determine whether AI 

is intended for automation, augmentation, or both. Firms that align AI investment with innovation and growth 

objectives are more likely to realize scalable value [12]. 
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4.2 Data and Knowledge Infrastructure 

The second dimension focuses on the informational foundations of AI. AI systems depend on data availability, quality, 

integration, lineage, and governance. Business analysis must therefore evaluate whether enterprise information flows 

are sufficient for model training, real-time inference, monitoring, and feedback. This includes data ownership, 

interoperability across units, knowledge codification, and the ability to transform data into business insight [2], [7], 

[13]. Weak data architecture leads to fragmented AI initiatives and unreliable outputs. A mature enterprise AI program 

requires not just large data volumes, but managed knowledge resources and a clear connection between business 

semantics and technical variables. 

4.3 Process and Decision Redesign 

The third dimension concerns business process and decision redesign. AI rarely creates major value if inserted into 

unchanged workflows. Instead, enterprises must identify where decisions can be supported, partially automated, or 

fully automated, and where human intervention must remain central. Process analysis should examine task sequence, 

exception handling, risk sensitivity, response time, and the cost of model error [1], [7], [9]. In this dimension, AI 

development becomes a redesign exercise: workflows, escalation rules, approval points, and dashboard interfaces are 

restructured to integrate machine outputs with managerial action. This is particularly important in finance, operations, 

and service environments where AI decisions can materially affect customers and compliance outcomes. 

4.4 Organization and People Readiness 

The fourth dimension addresses organizational readiness. AI development changes roles, skills, reporting 

relationships, and collaboration patterns. Existing research shows that AI adoption depends on the interaction of 

technology, organization, and people, while readiness varies by firm size, innovation approach, regulatory exposure, 

and resource depth [4], [5]. Therefore, business analysis should examine leadership commitment, cross-functional 

coordination, employee trust, AI literacy, change management, and workforce redesign. Human-AI collaboration 

should be treated as a design principle, not a post-implementation concern [9], [10]. The enterprise must decide where 

managers retain final authority, where analysts interpret model outputs, and where frontline users need simplified 

explanations.  

4.5 Governance, Risk, and Explainability 

The fifth dimension is governance. AI systems can intensify risks related to bias, opacity, privacy, security, and 

accountability. For this reason, enterprise business analysis must include governance design before deployment, not 

after failure. Relevant controls include model documentation, approval workflows, audit trails, explainability 

requirements, role-based accountability, bias testing, incident response, and legal compliance [6], [7], [8]. This 

dimension is especially important when AI affects credit, insurance, hiring, pricing, or other high-impact decisions. 

From a management perspective, trustworthy AI is not only an ethical objective but also an operational requirement 

for sustained adoption and stakeholder confidence. 

4.6 Performance, Learning, and Dynamic Renewal 

The sixth dimension concerns performance and organizational learning. AI development should be evaluated through 

a balanced set of indicators that includes operational efficiency, decision accuracy, cycle time, error reduction, 

customer outcomes, innovation results, and strategic adaptability. Literature on analytics and dynamic capabilities 

suggests that value is created when firms use data-driven capabilities to sense changes, reconfigure resources, and 

renew routines [2]. Similarly, AI can strengthen innovation capabilities and product development when embedded 

into enterprise learning processes [11], [12]. Therefore, enterprises should monitor not only short-term ROI but also 

whether AI improves the organization’s ability to learn, adapt, and innovate over time. 
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Fig. 2. Application architecture of enterprise business management system 

5. Discussion and Implications 

The main contribution of the proposed framework is integration. Current enterprise AI practice often separates 

strategy from data, technology from organization, and performance from governance. The framework brings these 

elements together and helps explain why many AI projects fail to scale. An enterprise may have good models but 

weak data governance, enthusiastic leadership but poor process redesign, or strong pilots but no clear performance-

learning loop. The framework therefore supports more realistic diagnosis of implementation gaps [3], [5], [6]. 

For managers, the framework can be used as a diagnostic tool before and during AI development. For researchers, it 

offers a structured base for future empirical work. Each dimension can be operationalized into measurable constructs, 

and the relationships among dimensions can be tested across sectors. For example, future studies could examine 

whether governance maturity moderates the link between AI adoption and firm performance, or whether people 

readiness mediates the relationship between enterprise architecture and AI scaling [4], [7], [9], [13]. 

6. Conclusion 

The development of artificial intelligence in enterprises requires more than technical implementation. It requires a 

business management analysis framework that connects strategy, information, processes, people, governance, and 

learning. This paper proposed such a framework by synthesizing recent literature on enterprise AI, business 
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architecture, adoption conditions, responsible AI, Explainability, dynamic capabilities, and human-AI collaboration. 

The proposed six-dimensional model can support both academic analysis and managerial practice by offering a clearer 

structure for evaluating AI development at the enterprise level. In this sense, the future of enterprise AI depends not 

only on better models, but on better management architecture. 
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